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Applying.Data.Mining.Techniques.Over.Big.data
With.rapid.development.of.information.technology).data.flows.in.different.variety
of.formats.3.sensors.data).tweets).photos).raw.data).and.unstructured.data5.
Statistics.show.that.there.were.LRR)RRR.Petabytes.stored.in.the.world.in.HRRR5.Today.
Internet.is.about.K5L.Zettabytes.1Zettabytes.is..KR^HKZ).and.this.number.will.reach
Gx.Zettabytes.by.HRHR5.With.that).data.managment.systems.are.not.able.to.scale.to
this.huge.amount.of.raw).unstructured.data).which.what.is.called.today.big.data5
In.this.present.study).we.show.the.basic.concept.and.design.of.big.data.tools).alg3
orthims.and.techniques5.We.compare.the.classical.data.mining.algorithms.with.
big.data.algorthims.by.using.hadoop/MapReuce.as.the.core.implemention.of.big3
data.for.scalable.algorthims5.We.implemented.K3means.and.A3priori.algorthim.by
using.Hadoop/MapReduce.on.x.nodes.cluster.of.hadoop5.We.also.show.their.
performance.for.Gigabytes.of.data5.Finally).we.explore.NoSQL.1Not.Only.SQLZ.
databases.for.semi3structured).massively.large3scale.of.data.using.MongoDB.
as.an.example5.Then).we.show.the.performance.between.HDFS.1Hadoop.Distributed
File.SystemZ.and.MongoDB.data.stores.for.these.two.algorithms5.
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Introduction
Abstract
DataxMiningLisLaboutLknowledgeLdiscoveryLandLextractingLpatternsLfromL
datasetsULThereLareLmanyLalgorithmsLofLdataLminingLtechniques)however
inLthisLstudyLweLfocusLonLKPmeansLalgorithmLandLJPprioriLJgorithmUL
K-meansxAlgorithm:LkmeansLworksLbyLclusteringLtheLdataLintoLKLclusters
eachLfeatures)observation)LareLcloselyLsimilarLtoLeachLothersLandLdissimilar
fromLtheLfeaturesLofLtheLtheLothersLclustersLbasedLonLsomeLmetricLdistanceL
L
A-priorixAlgorithm:xworksLbyLfindingLfrequentL
itemsetLinLtransactionalLdatabasesU
LetLsupposeLIL[L{I_)IC)I|)UUIn}LisLanLitemset)LDLis
aLtransactionalLdatabase)LwhereLeachLtransaction
TLisLaLnonemptyLitemsetELsuchLthatLTL⊑LIUL
JLruleLL� ⟹ �	holds	with	min_sup,	and 
min_confidencexthatLareLcalculateLasLbelowLOL
Min_SupLDLLLLLLLLLLLL;L[LPDJLULB;L[LSup_CountDJLULB;LLLLLLL� ⟹ � 
Min_ConfidenceLDLLLLLLLLLLLLLL;L[LPDJ|B;L[LSup_CountDJLULB;L
LLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLLSup_CountDJ;
� ⟹ � 
HadoopBMapReduce
Hadoop:LisLanLopenLsourceLapacheLprojectLthatLisLused
forLdistributedLcomputingLthatLhelpsLhidingLtheLcomplexity
ofLtheLparallelLcomputingU
MapReduce:LisLaLprogrammingLparadiagmLthatLisLusedLto
hideLtheLcomplexityLofLparallelLprogramming)LwhereLdeveloper
onlyLneedsLtoLwriteLMapLandLReduceLfunctionsUL
ImplementationLandLresults
ParallelxK-means
ParallelxApriori
HadoopPMongoDB
Example:letLsayLweLwantLtoLpartitionLtheLsizeLOfLtheLTPshirtsLasLtoL{small)
medium)large}ELthroughLthisLexperiment)LeachLpersonLwasLaskedLtoLgiveL
theirLbestLfitLsizeLDnumeric;)Lheight)Lweight)LetcULBasedLofLtheLaboveLdataset
design)LweLcanLpartitionLtheLdataLbyLusingLEuclideanxdistanceLasLbelowLOLLLL
UsingLEuclideanLdistance)LassignLtheLclosestLperson}sLobjectLfeatureLtoL
eachLotherULTheLiterationLwillLstopLuntillLthereLareLnoLchangesLinLclusterLcenteriod
Future/works
_ULExploreLdataLvisulizationLwithLbigLdata
CULDesignLsoftwareLpackageLforLdata
prePprocessingLwithLhadoopBMapReduceL
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